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YR Z PSNR SSIM
Wavelet-srnet 29.53 0.831
SRGAN 28.28 0.748
VDSR 29.03 0.836
SICNN 28.27 0.763
EDSR 29.17 0.844
SRFBN 29.55 0.841
RefFace(ours) 30.02 0.801
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