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» Zhang Xu, Yao Yang, Xu Baile, Mao Lekun,Shen Furao,Zhao Jian,Lin Qingwei, “Label mapping neural
networks with response consolidation for class incrementallearning” [J]. arXiv preprint arXiv:1905.07835,
20109.

» Xu Baile,Mao Lekun,Zhang Xu,Yao Yang,Shen Furao,Zhao Jian, “Class Incremental Learning via Task
Decomposition and Prototype-based Consolidation”
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