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Revi ew of Sel f-Qrgani zing Incremental Neural Network
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1State Key Laboratory for Novel Softwvare Technology (Nanjing Uhi versity), Nanjing 210023, China
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Abstract: Sel f-organizing i ncrenental neural network (SONN is a two layered, conpetiti ve learni ng based neural network whichis
abletorepresent the t opology structure of i nput dat a and cl uster onl ine non- stationary data without prior know edge, and al so robust to
noi se. Theincrementa nature of SO NNenables it to learn novel patterns fromdata st reamwthout affecting previously |earned patterns.
In thisrespect, it is appropri ate to expect that SO NN could serve as a general approach to unsuper vised | earning pr obl ens. Wth some
nodi fi cations, SONN could handl e ot her ki nds of learni ng tasks such as supervised learning, associ ai ve nenory, pattern based
reasoning and nanifold learning as well . SQNNhas been used i n nany kinds of appli cations i ncluding robotics, conput er vision, expert
systens, and anonaly detection. This paper presents a survey of its basic ideas, inproverents and applications.
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